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Abstract

This study aims to elucidate the mechanisms through which
artificial intelligence (Al) impacts human resource management
(HRM) from a positive psychology perspective and to propose a
hierarchical framework for enhancing employee flourishing .The
applied-developmental research employed a mixed-methods
approach. The sample consisted of 15 experts in Al and HRM
selected via purposive sampling. Data were collected through semi-
structured interviews using an interview guide. Thematic analysis
and Interpretive Structural Modeling (ISM) were applied for data
analysis .A five-layer framework was developed encompassing
strategic drivers, technological enablers, positive psychological
constructs, learning processes, and organizational outcomes. The
framework highlights that successful Al adoption requires
integrating technological capabilities, algorithmic fairness, and
psychological support for employees .This research fills a gap in
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the smart HRM literature by offering a comprehensive, synergistic
model that integrates strategic, technological, and psychological
dimensions .Al implementation alone is insufficient; it must be
accompanied by robust strategic infrastructure, data governance,
and psychological empowerment to achieve simultaneous human
flourishing and organizational productivity. The proposed
framework serves as a practical guide for managers and a
foundation for future quantitative studies.

1. Introduction

The rapid advancements in Artificial Intelligence (Al) technologies
have transformed various sectors, with Human Resource Management
(HRM) being no exception. Al’s integration into HRM has shifted its
role from a purely administrative function to a strategic partner in
organizational innovation (Vrontis et al., 2023). Technologies such as
machine learning algorithms, big data analytics, and predictive
systems now assist in vital HR processes, including recruitment,
performance evaluation, and career development, with unprecedented
precision and speed (Dlamini, 2023). Despite the immense potential of
Al to enhance organizational efficiency, challenges related to
algorithmic bias, transparency, and employee trust have surfaced, as
evidenced by failed implementations like Amazon's gender-biased
hiring algorithm (Thakur et al., 2025). A global survey by McKinsey
revealed that while 55% of large companies employ Al systems in
their HR processes, only 28% of employees find these systems fair
and trustworthy. This discrepancy highlights a crucial gap: the need
for Al systems that are not only technologically advanced but also
psychologically supportive, fostering trust and well-being among
employees. Recent studies have emphasized that Al adoption among
Generation Z employees is linked to their job satisfaction,
transparency in algorithms, and psychological support (Deloitte,
2025).

The growing importance of Al in HRM, coupled with its potential
positive or negative impact on employee well-being, calls for a
responsible, human-centric approach to technology integration. In this
context, Positive Psychology in HRM focuses on empowering
employees, enhancing intrinsic motivation, and fostering flourishing
through organizational practices. Integrating Positive Psychology with
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Al in HRM has the potential to create a balanced approach where both
technological advancement and employee well-being are prioritized.

Research Objectives

This study aims to fill a gap in the existing literature by developing a
comprehensive, synergistic framework that integrates the strategic,
technological, and psychological dimensions of Al in HRM.
Specifically, the study seeks to design a hierarchical framework that
promotes employee flourishing, ensuring that Al systems contribute
not only to organizational productivity but also to the psychological
well-being of employees.

Research Questions

- How does Artificial Intelligence impact Human Resource
Management practices from a Positive Psychology
perspective?

- What are the critical factors for successfully integrating Al
into HRM while promoting employee flourishing?

- How can a hierarchical framework be developed to balance
technological, psychological, and organizational factors in Al-
driven HRM systems?

Methodology

This study adopts a mixed-methods approach, combining both
qualitative and quantitative research techniques. The research is
applied-developmental, focusing on a sample of 15 experts in
Artificial Intelligence (Al) and Human Resource Management
(HRM), selected through purposive sampling. Data were collected via
semi-structured interviews using an interview guide, followed by
thematic analysis to identify key themes. Additionally, Interpretive
Structural Modeling (ISM) was employed to structure and analyze the
relationships between the identified factors, resulting in a five-layer
framework for integrating Al in HRM to enhance employee
flourishing.

Findings

After recording and accurately transcribing the interviews, the
researchers initiated the thematic analysis process according to
established guidelines in qualitative studies (Lochmiller, 2021). This
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process involved multiple readings of the texts and the division of the
data into meaningful units (typically sentences or paragraphs related
to specific concepts), resulting in the extraction of 75 initial codes.
These codes were then refined through repeated revisions and axial
coding, ultimately being categorized into 15 organizing themes and,
finally, into 5 overarching themes. These overarching themes
represent the major dimensions influencing the successful application
of Artificial Intelligence (Al) in Human Resource Management
(HRM) from a Positive Psychology approach. To ensure data validity,
the analyses were conducted by two or more independent researchers,
and after conducting consensus meetings and aligning the codes,
agreement on the themes was reached (Cristello Sarteau et al., 2024).

The key indicators influencing the integration of Artificial
Intelligence (Al) in Human Resource Management (HRM) with a
Positive Psychology approach are categorized into several dimensions.
Managerial factors include HR strategy, data governance, and
leadership in digital transformation. Psychological factors focus on
enhancing psychological capital, promoting autonomy, fostering
meaningful work, and ensuring enjoyment at work. Technological
factors address Al capabilities, real-time analytics, and algorithmic
fairness to support transparency and trust. Process factors emphasize
the importance of organizational learning, knowledge sharing, and
personalized learning paths. Finally, Human Resource factors
highlight talent retention, career development, and organizational
commitment. Each dimension consists of specific sub-themes that are
essential for creating a balanced approach to Al integration in HRM
that promotes both employee flourishing and organizational success.

The findings from the qualitative analysis were integrated into the
Interpretive Structural Modeling (ISM) process to develop a
hierarchical framework. The ISM approach was employed to identify
the relationships and dependencies among the key variables extracted
from the thematic analysis. The resulting five-layer model illustrates
the necessary sequential process for achieving employee flourishing
through Al integration in Human Resource Management.

In this model, each layer represents a distinct set of factors that
contribute to the overall goal. Layer 1 (Strategic Drivers) includes
variables such as HR strategy, data governance, and leadership in
digital transformation. Layer 2 (Technological Enablers) encompasses
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the capabilities of Al in HRM, real-time analytics, and algorithmic
fairness. Layer 3 (Psychological Factors) focuses on elements like
psychological capital, employee autonomy, and meaningful work.
Layer 4 (Learning Processes) highlights organizational learning and
knowledge sharing. Finally, Layer 5 (Organizational Outcomes) is
concerned with talent retention and career advancement.

Discussion and Conclusion

The findings of this study indicate that transitioning from merely
adopting Artificial Intelligence (Al) technologies to achieving human
capital flourishing is a gradual, dependent, and hierarchical process.
Each layer's successful implementation depends on the full
establishment of the components in the preceding layer. This layered
structure shows that any disruption or weakness at one level can have
a cascading effect on higher layers, ultimately undermining the entire
system's effectiveness.

In Layer 1, strategic drivers such as HR strategy alignment with
Al, data governance, and digital transformation leadership play a
foundational role. The position of these components at the bottom of
the model emphasizes the critical role of strategic policy and
organizational leadership in the success of technological
transformations. This finding aligns with studies like McKinsey
(2024) and Stanford’s Digital Maturity Index (2025), which highlight
that without strong strategic commitment and effective data
governance, even the most advanced Al tools cannot lead to
sustainable outcomes.

In Layer 2, technological enablers including Al capabilities in
HRM, real-time analytics, and algorithmic fairness are emphasized.
The key point at this level is the simultaneous consideration of
fairness alongside technical factors, which ensures that technological
productivity is only realized when employees' perceived legitimacy is
maintained. Our findings align with warnings from Varma et al.
(2023) on the costs of perceived discrimination and the IEE 7010
standards for technological well-being.

Layer 3 focuses on four psychological constructs: psychological
capital, autonomy support, meaning, and work enjoyment. These
constructs represent employees' psychological responses to an Al-
driven environment. Recent studies like Sadeghi (2024) show that
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supporting autonomy can reduce technological stress and facilitate the
adoption of Al.

Layer 4 involves knowledge processes such as internal user
experience, organizational learning, and knowledge sharing. This
layer acts as a bridge between psychological constructs and
organizational outcomes. Field evidence, like Dlamini (2023),
suggests that investing in real-time learning and creating knowledge-
sharing channels significantly enhances employee productivity.

Finally, in Layer 5, long-term outcomes like talent retention and
career advancement are achieved only when the underlying four layers
work cohesively. This aligns with Deloitte (2025), which stresses the
importance of continuous learning to prevent skill erosion in the Al
age.

Recommendations

1. Comprehensive Approach: Future research and practice in Al-
driven HRM should integrate technological, psychological, and
ethical dimensions, avoiding one-dimensional approaches. A
holistic model addressing all these aspects will ensure better
outcomes for both organizational efficiency and employee well-
being.

2. Human Feedback Mechanisms: Al systems in HRM should
incorporate continuous employee feedback loops to ensure
fairness, transparency, and trust. Organizations should prioritize
the integration of human input into algorithmic processes,
especially in recruitment and performance evaluation.

3. Ethical Models and Real-World Application: Organizations must
go beyond theoretical discussions of algorithmic fairness and
implement practical, evaluative models. Clear, actionable
standards should be established to monitor and correct biases
within Al systems in real-time.

4. Addressing Psychological Aspects: It is crucial to focus on the
psychological impact of Al adoption, particularly in reducing
technological anxiety. HRM systems should be designed to
support employee autonomy, meaning, and motivation while
fostering a positive work environment.

5. Localization of Al Frameworks: Al systems in HRM must be
tailored to the specific cultural and organizational context of each
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region. The involvement of local experts and stakeholders ensures
the framework aligns with local values and operational practices.
Step-by-Step Implementation: Organizations should adopt a
phased approach to implementing Al in HRM, starting with the
foundational layers such as strategic alignment and data
governance before moving to more complex technological and
psychological integration.

Focus on Continuous Learning and Adaptation: Organizations
must invest in continuous learning programs and knowledge-
sharing platforms to help employees adapt to Al systems. This will
facilitate smoother transitions and foster a culture of innovation
and personal growth.

Future Research Focus: Future studies should explore the long-
term effects of Al on employee flourishing, with a focus on
different organizational cultures and levels of digital maturity.
Comparative research across various industries and regions can
help refine Al integration strategies.

Limitations

1. The study primarily focused on large and medium-sized
organizations, limiting the generalizability of the findings to
smaller organizations or specific industries.

2. Data were mainly collected from perceptual sources, which may
increase the likelihood of response bias. Future research should
incorporate objective data and mixed-methods approaches.

3. The research was conducted within a specific cultural and

geographical context, which may limit its applicability across
different regions. Comparative studies across countries with
varying levels of digital maturity could provide deeper insights.
Future research could explore the role of moderating variables
such as organizational culture, Al technology type, and employee
demographics in the AI-HRM relationship.

Keywords: Artificial Intelligence, Human Resource Management,
Psychological Capital, Algorithmic Fairness, Talent Retention, Career
Advancement.
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