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4. Value-at-Risk (VaR)
5. Backtesting
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1. Hamilton (1983)

2. Mork (1989)

3.Value at Risk

4. Extreme Value Theory (EVT)
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1. Longin (2000)

2. Dacorogna et al (1995)

3. McNeil and Frey (2000)

4. Krehbiel and Adkins (2005)

5. Manel Youssef et al (2015)

6. Cabedo and Moya (2003)

7. Hung et al (2008)

8. Fan et al (2008)

9. Historical Simulation with ARMA forecasts (HSAF)
10. Generalized Error Distribution (GED)
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1. Mohammadi and Lixian (2010)
2. Christoffersen (1985)

3. Kupiec (1995)

4. Lopz Loss function

5. Diebold-Mariano Test
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1. Auto Regressive Moving Average (ARMA)
2. General Auto Regressive Conditional Heteroskedastisity (GARCH)
3. Long-run Variance
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1. Autoregressive Conditional Heteroskedasticity (ARCH) Term
2. Integrated GARCH Models

3. Engle and Bollerslev (1986)

4. Asymmetric GARCH Models
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1. Leverage effect

2. Glosten et al (1993)

3. Central Limit Theorem
4. Excess Kurtosis
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1. Location Parameter

2. Scale Parameter

3. Shape Parameter

4. Conditional Extreme Value
5. Frey & Mc Neil (2005)



\VaA UL".NU X oJLa..i: ‘r'.‘...ﬁ Ju U‘JJJ ASJJ“ szl ML.....Q)J: \$e

e 5358 e 4 S LS 4 edlisldilnl glalest (gl (g ldie (5555 .Y

Lglj_:EVT)\ o)LRS_m\L_:J_:))(GARCH u—"‘i) k—.{ﬁ Lg)tb-l_w uwu_)g,._:}'_;

(Y0 0L 5 5 gou o) LT o Cows 4 VAR 1 ol e claodilesly

@L’IA Lf\il)‘ Y-y

(% alasl ) ¢Sy oS b b idigy O5a5T Sl adde CuliS ) s S Gaiod gl o

cuw\:ubw@‘aMaJW‘(V@b)wﬁM;&fﬂﬁxd)ﬁ)Tﬁ

S3line Soalis 3l el g i ilodss S (gduasy adie o(A daly) 53 0L

RO PRT-R g (l o)) Slsle s Wgms (55 0 amlin 05057 s cla g i

LR,c =~an[ I'_-((Z))} X" ()

LR =an{ Ii-((l'l'))} X (v)

L if x,, >VaR,

t+y —
Le)—L(e,
DM _ ST

O_Y

(h=Y)

a
Y.
P _{(XH\—VaRt) if x,, ,<VaR,

*)

V)

W)

)

s ol » g9 ¥

UA|J’_§33¢_SJ{C,_§3)\)'L5_5>).>V&R &Lij)\d.fbjd- MJUQJJJY(Y'\V) Qb&aﬁ)@

v é o . PN PO .. Y .
GED @)};jG)ljo.ﬁl‘yb‘Sudu\_ﬂc&bw))‘&)}_u)‘a.ﬁw‘b ‘S_JJG

Sy Oljoe 3,551 2 03 Gl 550 (6555 45 dns oo O g T adllas s Ll

Shme by ST g 5 il IS ilasls (e (i Sladbe b as e o

1. Marimoutou et al (2009)
2. Mi et al (2017)
3. West Texas (WTI)
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1. Kang et al (2009)
2. Adjusted Jarque-Bera Test
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